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Fig.1. Schematic position of Karaj regulatory dam
outlet station
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Fig.2. Monthly BOD time series of Karaj regulatory dam outlet station
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! Packet decomposition tree
2 Multi Linear Regression
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Fig.3. Architecture of neural network in state of open
feed forward loop
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Table4. Results of the first proposed of wavelet combination
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Table 7. Results of the second proposed model
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Fig.7. Graph of predicted and observed values for the second proposed hybrid model
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